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Abstract : Collaborative filtering is widely applied in ECommerce recommendation system. However , data sparcity
afects the accuracy of prediction and resultsin poor recommendation. To address this problem, a novel collaborative
filtering algorithm is presented based on the iterative bidirectiona clustering method. It works on the initial user
clusters and the item clusters, adjusting the two groups of clustersinto the stable status by the cross iteration 0
that the distances within the cluster are much smaller whereas the distances between the clusters are even bigger.
The experimentsillustrate that the adjusted clustersfacilitate a more accurate neighbor search, indicating an eficient
lution to the data sparcity and better recommendation quality.
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