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(Deparment of Camputer Science, Dalian University of Technology, Dalian 116024, China)

Abstract: An gpproach based on supervised AdaBoost MH learming algoritm for Chinese word sense disambiguation
ispresented AdaBoost MH algoritim is employed o boost the accuracy of the weak decision stumps rules for trees
and repeatedly calls a leamer t finally produce amore accurate rule A simple stopping criterion is al® presented
In order o extractmore contextual infomation, we introduce a nev samantic categorization knowledge which is useful
for mproving the learning efficiency of the algoritrm and accuracy of disambiguation, in addition to using wo classical
knowledge urces, part- of - eech of neighboring words and local collocations AdaBoost MH algorittm making
use of these knowledge urces achieves85. 75% disambiguation accuracy in open test for 6 typical polysamouswords
and 20 polysamouswords of SEN SEVAL 3 Chinese compus
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