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Bi-directional Long Short-term Memory Neural Networks
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Abstract: Chinese word segmentation(CWS) is a fundamental issue of Chinese language processing(NLP). which
affects the subsequent NLP tasks substantially. At present, the state-of-the-art solution is based on the classical ma-
chine learning model. Recently, Long Short-term Memory (LSTM) model has been proposed to solve the long-term
dependencies in classical RNN model, and already well daapted in various kinds of NLP tasks. As for CWS task, we
add a layer of backward LSTM based on unidirectional classical LSTM to build a Bi-directional Long Short-term
Memory Neural Network model (Bi-LLSTM). And we also propose a contribution rate to balance the matrix’s value
in forward LSTM layer and backward LSTM layer. We design four experiments to demonstrate that our model is re-
liable and preferable.
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