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The Influence of Different Use of Training Corpus on Neural Machine Translation Model

KUANG Shaohui, XIONG Deyi
(School of Computer Sciences and Technology, Soochow University, Suzhou, Jiangsu 215006, China)

Abstract: Neural machine translation (NMT) is an emerging end-to-end machine translation paradigm. In NMT, the
stochastic gradient descent (SGD) is used to update the model parameters. This paper explores the influence on
NMT system resulted from the batch, the dropout and the shuffle in SGD. The results show that the size of batch

affects the convergence speed of NMT model, hyper parameter dropout has a huge impact on the performance of the

NMT model, and data shuffle can improve the translation quality of NMT system.
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