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On Storage Compression for Neural Machine Translation
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Abstract: The model storage compression is to significantly reduce the storage cost by removing redundant model pa-
rameters without quality loss. Previous efforts are mostly devoted to computer vision tasks, leaving neural machine
translation less touched. In this paper, we compare the model compression methods including pruning. quantifica-
tion,and low-precision compression on Transformer and RNN models. Finally, we achieve 5. 8 X and 11. 7 X com-

pression ratio on the Transformer and RNN models by a combined approach, while maintaining the same BLEU

score.
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