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Tibetan Poem Generation with Attention Based Encoder-Decoder Model
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Abstract: In this paper, an end-to-end model based on attention is proposed to generate Tibetan poems. The method

is built on an end-to-end style without involving manual feature engineering. Under the framework BiLSTM, Tibet-

an word embedding, attention mechanism and multi-task learning are introduced. The experimental results show

that the proposed method reaches 59. 27 % BLEU score and 62. 34 % ROUGE value, respectively.
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