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Imbalanced Emotion Classification Based on Word Vector Pre-training
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(1. Faculty of Information Science & Technology,Ningbo University, Ningbo,Zhejiang 315211, China ;
2. College of Information Engineering, Zhengzhou University, Zhengzhou, Henan 450001, China)

Abstract: The main methods to deal with imbalance problems in deep learning are focused on cost function and sam-
pling technique. Based on word vector migration, this paper proposes a pre-training task selection method and initial-
izes the target model with a pre-trained word vector that facilitates minority classes differentiation. Combined with
balanced oversampling,the sample information is used to maintain the accuracy of the model in majority classes, so
that the text features extracted by the model are balanced. Compared with the oversampling method, the experimen-
tal results show that the proposed method has a better balanced effect in most cases where text emotion classification
result have no serious over-fitting. When there is a serious over-fitting, the method has a significant balance effect in
three-type classification task. Experiments also verify that pre-training methods can be combined with cost-sensitive
methods to improve the balance performance.
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