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Joint Extraction of Entities and Events by a Hybrid Neural Network

WU Wentao'”, LI Peifeng'” ,ZHU Qiaoming'’
(1. School of Computer Science and Technology,Soochow University, Suzhou, Jiangsu 215006, China;

2. Provincial Key Laboratory for Computer Information Processing Technology, Suzhou,Jiangsu 215006, China)

Abstract: Entity and event extraction aim at detecting entities and events from text. respectively. Previous studies in
information extraction usually took entity extraction and event extraction as two separate tasks without capturing the
close relationship between the two tasks. This paper proposes a hybrid neural network to simultaneously extract the
entity and the event, and exploit the dependencies between them. This network first uses encoder-decoder bidirec-
tional LSTM module to identify entities, and then introduces the entity context information from the above bidirec-
tional LSTM module to a neural network, which combines self-attention and gated convolution to facilitate event ex-
traction. Experimental results on the ACE 2005 English corpus show that our model outperforms the state-of-the-art
methods.
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