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Focuses and Frontiers Tendency in Neural Machine Translation Research
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(School of Informatics, Xiamen University, Xiamen, Fujian 361005, China)

Abstract: Machine translation is the process of to attempting convert text from one language to another using com-
puters, which has already become the research issues of great importance in artificial intelligence. With the fast
growth of deep learning research and application, it has been revealed that neural machine translation become a ma-
instream of research for machine translation. This paper firstly introduces the influence of neural machine translation

in academia and industry in the past year, and then reviews the research progress on neural machine translation, fi-

nally we outline the outlook for its future development.
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