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Abstract: Text emotion classification is a well-addressed task in the field of natural language processing. To deal
with the unbalanced data which hurt the classification performance, this paper proposes an emotion classification
method combining CNN and EWC algorithms. First, the method uses the random under-sampling method to obtain
multiple sets of balanced data for training. Then it feeds each balanced dataset to CNN training in sequence. introdu-
cing EWC algorithm in the training process to overcome the catastrophic forgetting issue in CNN. Finally, the CNN
model trained by the last data set is treated as the final classification model. The experimental results show that the
proposed method is superior to the ensemble learning framework based on under-sampling and multi-classification
algorithms, and outperforms the multi-channel LSTM neural network with 1.9% and 2.1% improvements in accu-
racy and G-mean, respectively.
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