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Multi-Feature Piecewise Convolution Neural Network for Aspect-Based

Sentiment Classification
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Abstract: Aspect-based sentiment classification aims at judging the sentiment polarity of a particular aspect in a sen-
tence. In the existing research on convolution-based neural networks, the maximum pooling operation is often used
to extract text features as sentence representation in the pooling layer of the model. This operation does not consider
the context divided by the aspect and fails to get finer-grained aspect context features. To solve this problem, this
paper proposes a multi-feature piecewise convolution neural network ( MP-CNN) model. According to the aspect,
the sentence is divided into two parts of context, and in the pooling layer, the maximum pooling operation is used to
extract the context features. In addition, this paper also integrates several auxiliary features into the model. such as
relative position of words, part of speech and sentiment score of words in sentiment lexicon, and calculates the at-
tention score of words through convolution operation. The experiments of SemEval 2014 and Twitter datasets con-
firm the best performance among the baselines.
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