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Named Entity Recognition Based on Partially Labelled Data and Empirical Distribution

SONG Yexuan', CHEN Zhao'?,WU Gang'"’
(1. School of Information,Beijing Forestry University. Beijing 100083, China;
2. Engineering Research Center for Forestry-oriented Intelligent Information Processing of National Forestry and

Grassland Administration, Beijing 100083, China)

Abstract: In recent years. data-driven named entity recognition(NER) methods have achieved great success in many
fields such as news, biomedical and so on. In order to reduce the cost of labeling for a new domain, a NER method
based on partially labelled data and empirical distribution is proposed. We describe the modeling method based on
partially labelled data, and then introduce the hypothesis of label empirical distribution. By adding the empirical dis-

tribution to the model, the noise in the data is effectively reduced. Tested on the datasets of plant diseases & insect

pests and Youku video, and the results show that the proposed method is better than other methods.

Keywords: partially labelled data; empirical distribution; named entity recognition
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