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Towards Better Response Selection in Dialogue via Rich Historical Information

SI Bowen, KONG Fang

(School of Computer Science and Technology, Soochow University, Suzhou. Jiangsu 215006, China)

Abstract: Response selection for dialogue is a popular research issue in the field of NLP, which is aimed at selecting
appropriate responses based on the existing dialogue. Existing researches are defected in two aspects: 1) insufficient
utilization of the correlation between historical information and alternative responses and, 2) insufficient mining of
potential semantic information in dialogue history. To deal with the first issue, this paper considers both the histori-
cal information and the alternative response information in the dialogue, by the cross-attention mechanism to effec-
tively capture the relationship between them. For the second issue, this paper employs the multi-head self-attention
mechanism to capture the latent semantic information of the conversation history from multiple different perspec-
tives, and the highway network to effectively bridge a variety of information to ensure the integrity of the informa-
tion. Experiments show the proposed method achieves a 88.66% Ry, @ 1-score, a 90.06% Rj, @ 2-score and a
95.15% Ry, @5-score on the Ubuntu Corpus V1 dataset.
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Speaker | Sentences
A What different configuration it s just
__number__ file
B Yes i got it but if a new hardware appears
how do they know about it
You don’t if new hardware appears the
A package maintainers update the file — you get
the update file when you want to
B Thank you ikonia i want to know how it
works more than knowing that its just a file
What do you mean how it works. Ispci is a bi-
A nary application that reads device id s from a
flat file and offers a human readable output
B How it helps
How it helps 77?7 it shows you information
about your hardware thats it yes i know that
Answer . L. .
what i mean is i want to know how different
hardwares are identified
*2 ZEEXEFESG
Speaker Senences
Hi I am looking to see what packages are in-
A stalled on my system, I don’t see a path, is
the list being held somewhere else?
B Try dpkg get-selections
A What is that like? A database for packages in-
stead of a flat file structure?
dpkg is the debian package manager — Get -
Answer | selections simply shows you what packages are
handed by it
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