40 % 3 PR Bea i Vol. 40, No. 3
2026 4F 3 H JOURNAL OF CHINESE INFORMATION PROCESSING Mar., 2026

XEHS. 1003-0077(2026)03-0001-26

7k

ETHl&EENXAEIRGEEGMITHREGR

HESEE T AT BB WO R

(1. P EBELE TR AR BT 242 EE SRR, JLE 1001905
2. T EPRLFBE K2 LR 1001905
3. JUEHL TR 2% THE ML B, JLm 100190)

H B IAFTROERFEHEAFFRILAANLRATHOALIFEB 5 LR AL ARAARETRHERAALT
FHGXEER, MR TFHERBNFe kiR B 7k A THRINGERG T B A BEFIBIHALT R
iR,E;‘éﬂcrriﬁvii%‘riiiﬂ%%zﬁz,)&%%i'ri?iiﬁo AT TR AR 6 F RS AT R, Amit kR
Fo X GRBBABANEES AR T FRATLZAARE . N HEREBAVIEEZT O R KRB Z, X HE T ExiriE
H A5 I 4 FR AR Bk, ﬁtﬁl‘yiﬁiil\kﬁ’:ﬁ EAFF R R AR AT @ER T F A A8 AN HIELE B ENR
EBFRIANFERERY SHNESD T, R . BETEABWRERZ . FEHATH AL REHA; F M
R r%t/—\mﬁ%ﬂﬁw%%%#&”‘“iﬂéniﬁéﬁé%é&ﬁm%aﬂ)ﬂ CA G BB R 6,

KW, FIRAOEMAE T IRRE, A RETEM

FESES . TP391 XEiRiZES . A

Commonsense Plausibility Estimation Based on Pretrained Models: A Survey
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Abstract: Commonsense Plausibility Estimation evaluates whether textual content aligns with human daily
experience and general knowledge. Compared with early methods that relied on rules and knowledge bases, methods
based on pre-trained models implicitly encode commonsense knowledge through self-supervised learning and achieve
breakthroughs in the generalization and flexibility. This paper systematically reviews these mainstream methods
from two perspectives: the knowledge source (the knowledge acquisition path during inference) and the fine-tuning
dependency (the sensitivity of methods to labeled data and computational resources during training). Additionally,
48 benchmark datasets are reviewed based on task types and commonsense knowledge categories. Finally, three
breakthroughs are highlighted: complex reasoning optimization for zero-shot inference, fusion mechanism of hetero-
geneous knowledge, and representation and utilization of multi-modal commonsense knowledge.
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TIN5 (4 T3 15 RE 4% A Y11 R 85080 I 25 ¢ A B 1)
st TR H T 2 AR 55, B B e i N
VINIER

TEH RS BV T 55 b B AR S B b
FEA 27 2] Ty 38 1o PR K B R A58 52 30 ORI H -
TR A PN R AR Y B (2.1 ) 5 455 AN
HER PSSR TR (2.2 5D . [0 332 48 45 R F
ZrBr Be e g 5 1Y 1R L 5 8 R R SR R
ey AR H T B, A Rl A i e S 8
R R R LR R

FE TP AR 1Y O S ar A R B
B 2B it 00 AR R0 IR BT SO B 1y ¢ A TR AR A
PIRERAGIE " kR FEEARZ —, XEH
T T SO R 9 0 A R R, 8 A AT DR R
AR H A BREDT L A R L A
N R AF 518 T AR I 2R B B2 2 i i, R
1M A8 X A 7 X RE 08 A ROT Al — 28 T 5y UL
TR W, B 75 &b 2 A2 % Bl B 25 i) 4 3 ) R P = R
AR HE IR Z R IR R, R TR
(Prompt Engineering) /& 3 1 A5 78 P &8 501 55 —
CIRE T N CEUR NS a2 TR % AUV WE = 3 ]
BT RE/FAHE R . TR EHIKMT  Hm
T AR 3 AR G L 3 M Y B R BE A8 b 3 4R AR A 1Y
HEFRBE 77 . 38 i 7 B2 7 18] v i AT 55 s ], 155 AR g
T4 M R AT 55 B KO AR CTE A A T Y e
PO SR R A A AR A T 2L 5] S R
TE AR I e 228 G2 0 0E AT # BP0 m b A L R
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AR IR B TS R

7 R T A B A T A KRS ] AR B
BRSO RRAR A 2] T AT LAEE 5 A R PR O
TR 7 5 v A 2R B 14 R 5 SCRY AT LA S b 52 19
R CAE B A 253 OB R TG AN R R AT
AT ORI A S R T T R L Y AR
KR TR AME R PN A HIPR A SR BRAE:

SRR UL TAEA LS BN SO AR S T Y
P BPEAG T 77 12 RE 05 S8 1o 14 Ge B ot A T K A
THEE BT IR A SR OB, B4 A BN 2 B BOAR A5 Y [
ARETT ARME T — R A L e R T P B il R T 5
X EIETEVF ZAE 55 h R 57 HOC 8 ) BRL7E T
UnAer BT B A A 4 B LTS o0 42 0 1 S R Y
1. R ZE 1 F i A G A R TR ) 4 B3
i, LA Rl A1) PSS B 2 4 1 R0 S T BB & 4%
BT RE T

2.5 INGS

AR5 D TT V5 ) FTRUR UERGS AR B A4 R 7
GO YERE RS MR B TR T OISR A T A S
A PG BEVEAG T 07 5 . 8 0 o B O IR B9 R EEOR
AL AT e B T A R N AR 7 i LA e Ak
AT A A o F A ] RE 7 52 BR T BN ZRA5E 20 ) 2R
L UL 5 10 285 A0 AR N YRG5 1 5 ¥R Gl o 5 AR

PR ORI s 15 5 REAS 35 77 TR A Y 1) iR il
G5 Tt T o A R R R R . Ak MO AR
MBI 14 £ LR T L ARSI /4 T 1 BE 6 1 o A
P 2 B TR 8 AT 55 B9 P BE LT I T 55 AR
1 AR T JCHE AR i 1) PR A T 2 R AR e D R A
>J 7 D0 e 3 R R A S R PR B A A TR
S S B T AR AR TR RO A B SR Y 43 1k A
A .

*1HK 2 R TARTDT L SEPrERE . BT
BTN BB ASA ATR . ARMEA — 42T
R1 BREAEESHTARTREEESHH
BAUEELNIEHRELL

WIRZS Sy A EHE |53 A ANEHE 1|43 A SO 2
SKD Critict* 36.64 38.34 43.40
12D2 Critic** 55.03 54.79 67.11
UnifiedQA-v2H™ 56.33 59.73 53.95
ChatGPT™ 62.11 61.20 62.83
Entailer™* 73.79 71.47 70.72
GPT-3.5012!) 75.41 71.03 78.87
GPT-4M 72.35 77.40 70.29
Flan-T5M 79.50 77.62 78.89
Vera-T5M 85.51 81.65 83.37

£ 2 &FHETE Com2Sense '™ 1 CSQA 2.0 #iE&E FHE R

Com2Sense CSQA 2.0
VIRZS R A5 Y
IR 4R ML 4R I E 4R W 4R

ELABORM" GPT2-large'? — — 58.7 57.6
Krause 4 A% GPT-30122 58.1 54.1

GKPe GPT-3 61.8 — 59.7 —
CoTt! GPT-3 61.6 — 59.6 —
Self-consistency**] GPT-3 61.4 — 60.8 —
12D2] GPT-3 65.2 — 43.7 —
MAIEUTIC-PROMPTING"" GPT-3 72.5 75.0 69.5 68.3
DSCQAM™ T5-largel'? 59.1 58.5 — —
RACoH! T5-large — — 60.2 —
UnifiedQA™™ T5-3BM%] 75.1 71.3 — —
Vera ™ Flan-T5-5BM%% 85.9 — 68.6 —
UNICORN-v2H# T5-11BM1%] 76.0 56.0

Entailer* T5-11B 82.9 — 56.0 —
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Com2Sense CSQA 2.0
LioaTToE S RN LRt RSN

CRYSTALM T5-11B 85.9 — — —
OCEANPY Mistral-7B-v0.212%) — — 69.19 —
Zhou %5 A1) DeBERTaV3-larget'?") 83.7

GuideKGE® Vicuna-13BH? — — 66.8 —
CausalGPT!! Claudel? 83.0 — — —
Vacareanu ¢ A 68 Falcon''*" — — 62.2 —
ZEBRA Phi-3-Small"*" — — 74.6 —
KPE!®! Unicorn-11B"% 68.4

X H, BIAS SCAE R 1 s 1 B AT By A T
PEREOR A Vera "8 ST i 52 56 285 5 L D7 1 £ 48
BETE A TH) I A IS A TR S O R BB 2R 1 AR
HNEESH HRZITAE T — RIVEIRE NS,
WIRE 8 S W O i B R AR PR RE . Horh, g Y 4R
Jhgyereoszss o 10 g T Vera 1858 I 25, 43
TN N 3 E R i VI = N S o (R
i 15O AT 55 2 R B 43 P 08 A AL, 43 A A
Kl 2teree st SR AT 55 R B 43 BN A R
S, MR T A LUE H. GPT-3.5 | GPT-4" |
Flan-T5"" 88 K 5 16 A0 78 25 2 8006 4 1 e 9 i
5 R Iz AL BE T, BV AR 80 A W B U1 5 o AR SR LA
TARFROCR N T ORI F B AR T 1
W1, Vera-T5M" il i 78 K 4 b k474 W&l
Yk, JUIE Flan-T5 BORBEWS HE— D 42 T, B R R I e
FE . BT R 58 1R G B AN R 2R T R
AN A S B Com2Senset'? Fl CSQA 2.08% i
P IcH FH R R A B AL Bl B M S %, JF
TER 2 WX & T5 B 1 46 R A7 fi i (ol T80 26
IR R AT, KA 23 7 e i 2 S ik 4R B
ROR o TR BT 7 P HE SR, e e 455 Y 1Y) 3 £ 2%
Xof B R R B S L R R 2 rh & T
AT A0 R R R AT T R .

3 MBRESLEESHIER

AT HE A BRSO R B R S AN A
IR HERE AR T E AR S AL B R SR PERE

TR AR D B AR S 5 SR L A T
li] + % GE ) SCAS Az I 25 5 0 AN T B R ALK Al 3
DAL HBEIE AL A2 W SCAS 15 2 25 SO (19 3% T AT

RLRE ke = X AR B PN 2 IR A B Y BB AR S .
A GIACH RS B A T4 o 8o Y B S B
AALRE R TETE 7 W L, 38 BE e VIl 2k i e v o > 3]
FE B A2 RS X AR H AR DL AR BIL A n] A 2%
R AMME GET7 5 xR PR AL B9 20, 3 B T A LA
R0 TR fF R

B SC SR/ FAE T3 07 5 T A O 20 25 0 0 4 )
B A A BN A S BB A A . AR BRI i
AL AR AR AR AR v A ek A B A R 0, T N
HEH)Z BT IR B & R IR A Sh ey
FE M BEGE AR A 0 B e P R B IR
i R T RE NS A 4 P d XU o 3 o A o S I T
FERLE  REEATAE = A K R b i IR S BN A
M ik — 2 B T Y A i P 28 7 5 B I o 9 ]

RIEGREBIBERE M MBS AL E M A
T S A R £ ) AT, HG A R T R0 R R ) R
P L E Ry B TR T 5 AR AR AR Y
IR A7 AR B R B DR B AT RE e B 22
et . H RS BRI AS T AT DI O e 5 ] T A
B B 306 15 5% A 5 L84 500 O 5 RS PR 6 AL
BT oR L SURF A H RUARE AT £ T i 22 5 A 1)1 25
YRR

RIEY FEAIRKIBRE L 580 TR O
TATLZEHST T T4, BE g 3% Jy . B Tif
SR R A Sh AT T 1 12 4 g A L T AR
T A RURR L BB A RGR TR SR . H
XA E B A B IR A% B T REATAEANFF G IR
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RABYRGERE AR B o 2D HE B
J7 3G iR AR R F [ U 3 %) BLAR o ] 4 B SR
AP N E B, A RO AR G A B P A B R AL 4% TR
S LA BREAG T 5k T LX) A BB v i R — 2D
HEAT G B PP A 0 O 4 3 0 B b A 3R BB AT
AR R TR R X A5 5 e A B A
R T SE R A B R SR

4 TEMEE

e A BEAG T 55 b, R 5 3 10 X dl 4R
Je VI ASE T BE R HE ST 50 A SR R SC B . O T AR
PEAS A AR R E R T i R B P A B T 2
ol BCHIE A ok SE RN 4 5 W AR 0 9 R R RS A L

KA S5 AR F A BT 22 5. 38 o ik Se 5048 4R 1Y
PN, BE 5 A 250 K 56 45 R0 7 Ab FHAS (] 28 Y 1) 3R
T R BT 4 22 B, DT O R S B R A SO 3 A 1Ak
PRAL S AR . AR AT, FRATTHE S X B 4
B OAT 5L AT B3, SR 5 AR i T 28 R 1
BORESAT RGN DA . T3A0, TRAT ook A4 Ko 4
B B 5 R A T R R A L L S P T R HROG
G TEILEE 3,

4.1 EHEER

RGBS T 55 W R A PRI L v L H AT
HULAE 55 I A 45 —ou ok 28 Bl i 2 ik
PR 23 A1 3% S8 AT 55 19 b i APE I 7 X 4% A
AT

®3 TATFEEMINSZERAEEGEHESHEREENERERL

NN
K WRER R | GIEE/RIEE PRl 373
[R5
I2D2t1e3 L | Zoud | 15000/7 490/ —  [RREVA RN T https://huggingface.co/ datasets/ tasksource/12D2
FIGURINE!' - WEEL | A 6304/731/3 062 AT https://leaderboard.allenai.org/figurine/submission
DECO"*" FHEER | AT 200/—/— ATt https: //github.com/PlusLabNLP/ ACCENT/ tree/ main
ConTurE""! HHFIR | s 100/—/— AT HiE https: //github.com/PlusLabNLP/ ACCENT/ tree/ main
CoDal** MR | RS 311/103/107 N THE https://huggingface.co/ datasets/ corypaik/ coda
PaCot* RRKFR | ZU%E 12 400/ —/— AT H3E https://github.com/luka-group/PaCo
(SQA2.0L25 TR | Zonds | 9 282/2 544/2 517 AT 1 https://github.com/allenai/ twentyquestions
StrategyQA"*! sl P H R | on 2 290/—/490 N T https:// github.com/ eladsegal/ strategyqa/ tree/ main/ data/ strategyqa
NUMERSENSE"* BEEIR | 2T —/200/2 200 AT HE https://github.com/INK-USC/NumerSense/ tree/ main/ data
ViComTel?% MLt | MR 4k/—/1k BRI R, N Tad €| https://github.com/ChenyuHeidiZhang/ VL-commonsense
CREAK!!® STREIR | e | 10 176/1 371/1 371 AT My https://github.com/yasumasaonoe/ creak/ tree/ main/data/ creak
comztrd FHER | BTk | 782000/—/1300 |[EAAER, AT EE|  https://github.com/tqfang/complex-commonsense-reasoning
ROCStoriest**) LR | ZURE | 98162//1871 N T3 http://cs.rochester.edu/nlp/ rocstories
Com2Sense " TR | 2082 | 160 8/804/5 558 AT H i https: //github.com/PlusLabNLP/Com2Sense
CLADDERL'®® HEEZR | Zxak 10 112/—/ R https: //huggingface.co/datasets/ causal-nlp/CLadder
FeasibilityQA ™" LR | SO 4,608/—/— ANTHE https://github.com/kevinscaria/feasibilityQA
VIPHY!'"% BHpdan | A | 15 240/8 120/5 7840 | I8 T H M B4 https://github.com/Axe-/ ViPhy
ComVE! TR | 2 | 10 000/997/1 000 N T M https: // github.com/wangcunxiang/SemEval2020- Taskd
CFCh) LREE W | ERS 9.999/55/46 | LRI AT U8 https://github.com/qxc101/PROBEVALCFC/
TEXT2ZAFFORD™ | A | Zou i /—/35 520 AT HiE https:// github.com/ sayantan1 1995/ Text 2 Aflord tree/ master/ data
spatial QAL MR ER | ok —/—/20 480 T 45 42 https://github.com/josephcappadona/ spatial QA
WINOVENTI6H KEEZ | 28T —/—/4 352 AT 1 https: // github.com/ commonsense-exception/ commonsense-exception



Please contact to Foxit Software for the licensed copy.

Web Site:
www.FoxitSoftware.com

Sales and Information:
Sales@FoxitSoftware.com

Techincal Support:
Support@FoxitSoftware.com


31 FEZET A T PO AR B ) SO R BV AL TH P e 43R 15

KA
Vs WIREE | ESEE | GIGE/ RS PRl 1%
[R5
NEWTONL! 62 BRI | ZUgH —/—/2 800 AT i https: //newtonreasoning. github.io/
Normlensel'% HEHIR | AR —/—/10 000 AT H & https://seungjuhan. me/normlens
OpenBook QA2 Bl | SWaESE | 4 957/500/2 000 AT My https: //github.com/allenai/ unifiedqa
ARC(easy) '+ Bpdan | 20 | 2251/570/2 281 | SRR THMBRE https: // github.com/allenai/ unifiedqa
ARC(hard) '+ Flgdan | ST | 1119/299/1 194 | R FHMEIRE https: // github.com/ allenai/ unifiedga
AlI2Science(elem) %% B#EEIR | 2T 623/123/489 KR T H AL B https://github.com/allenai/ unifiedqa
Al3Science(middle) %27 | BH#HR | £k 605/125/502 RV T I i 42 https: // github.com/allenai/ unifiedqa
CommonsenseQA ™" Tm e E IR | SR | 9 741/1 221/6 099 JNIR bt https://github.com/allenai/unifiedqa
QASCH BRI | ZTIEE | 8134/926/7 408 JNIRFi https://github.com/allenai/unifiedqa
PhysicalIQA#*] FFwIR | 2Tk | 16 113/1 838/3 676 PR https://github.com/allenai/unifiedqa
SocialTQAM* FAHAR | ZTEPE | 33 410/1 954/5 861 N T https://github.com/allenai/ unifiedqa
Winogrande'**] TR | ZIERE | 40 398/1 267/2 534 N T M https: //github.com/allenai/ unifiedqa
SciQ#7 iR | ZWES | 11 679/1 000/4 000 JNIR https://allenai.org/ data/sciqyes
QuaRel 3% BN | 2k 1.941/278/556 AT My https://allenai.org/data/quarelyes
QuaRTz "% BEIR | T | 2696/384/768 AT https://allenai.org/ data/ quartzyes
SKDE? WHREZR | ZemdE | 7980/1015/1015 AT HE https://github.com/peterwestai2/ symbolic-knowledge-distillation
wscti L k| SR 273/546 AT H & https://huggingface.co/ datasets/ ErnestSDavis/ winogradwsc
COPA!H2] Tt | ZUEE —/500/1 000 AT My https: //huggingface.co/ datasets/aps/superglue
PROST!!# Bresil | ZT0ERE | /18 736/74 944 AT & https: //huggingface.co/ datasets/ corypaik/prost
Rainer"'*"! L EIR | o —/591/591 HIRT AL AR https://github.com/liujch1998/ rainier
ULogict'®"! EXER | Zp%k —/=/14 647 | BERUAERLANT | https://github.com/SiyuanWangw/ ULogic/ tree/ master/ Data
SWAGL? FHHIR | ZTEE | —/20006/80 024 | R UEFICM A4 https:// github.com/rowanz/ swagal/ tree/ master/ data
HellaSwagH''™ HUEER | ZWEE | —/10 042/40 168 | H T H A0 £ https://github.com/rowanz/ hellaswag/tree/ master/ data
CODAHM#] Lw R | SR | —/2776/11 104 ANTHE https://github.com/Websail-NU/CODAH/ tree/ master/ data
StoryClozeTest"*" EER | 2U®E —/1871/3 742 AT 3% https://cs.rochester.edu/nlp/rocstories/
aNLIFB HWEER | 2Tk —/1532/3 064 AT H5E https://leaderboard.allenai.org/anli/ submissions/ get-started

411 —ouhrk
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WIRGBRZE N . VPR FHMER RIGhR . X BATE
55 a7 B ELW , 35 FH 1 7% 22 B A 0000 A B A IR) AL (E
i DL fb o R G B B A fORE BE L e SR 4R
FEATE G B, T HE R A 5 55 R 15 O .

4.1.2 srEuhTE

AT 55 3 3 1 S A VT A3 Ak SR A TR B
JE L T AN S BT R AR M R L R AL AR R
5] G Ak B 2 B R R AT AR B
ZIFARIE 100 276 W IE B, R R 25 A P 8 A L 98 k)
WFEREMEN ., 500 B0, 55T R
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SE Z E] R 25 AN ¥ 7 iR 22) K SR, X T 55 TE
2R T AR A  (H AT AR B AT 2 ) HE BEAT 55 4
LSESR
1.1.3 ZIEHE

2 T P AT 55 BEOR AE 20 fig 30k 2 58 v ke R AR AR
fife IR AL TE A TR N B R R RE ). X
BAT S RN EZR A F IE S5 6w BRI 5 %
PURRSEA TR . DL B R RN ] . “ 45 AR T M s
W% FREEE? (ADBEIFS T, (B) I,
(O FLIF”, IEHA S0 B DL PFIU 48 b 2 1%
XAESIE AR L g mrh B Tz B T 2
BT BB 110 0] R 250 28 B G LB i ) A A X
L=
4.1.4  MEZSr A

AT 55 1) H AR 0 T AT RE A R — 1 G
PR ABE 3200 A o S WA 58 1 AT RE R B SE
AT AL EG BRI 5 X5
TE AN S TE 4 202 A5 1E i, 348 58 1 22 28 22 1) 1) Jis
SR 2E S o G, TR A Y B A A3 AT I 4 M
A e BIIRHE P B 60 0 %2 o Sk AR A, TF
N4 s G T 455 R F80 43 A1 5 L S 43 A 22 [8) Y — 2K
PR 0 T K 7R 8 A OC R B R AR A G R B KL i
FE . MRS AT 5538 X 2 A nl RR & SR AT Al kL
JEE VAR 1) 3 55 6 AN 95 R S A 4 B B8 A S 9 A IR 1

[] R,
4.2 FINEKBIBIEE

B ECE S VT DL R R R R AT 2R
Tift 28 B 1 B A B 15 70 DA AR 3 7 R 40 s ) A
REJT o A A B RN 3 28 3 2L Bl 4R L AT DL T B M
PR e AT R R 5 ] 3 5, T S 4 b 2 46 3 AT
AUPPIN B . DL 250 5 T A 2R B X L Y
PRI KR S FEAT TEAN UL R . 5 b, A8 SR R
e TS E X EWE RN S
B FR A AR A o S 2 e TR g A
FEO I I HL 5206 28 W] 28 PR AE R R b B
BRI SR X SR B A% 455 A0 42 It T 4 1
PHEFRE J7 . L, i T % B e 4R R AT O 4 T Y
45 00 RO E 1Y S8 M AR SCHE X — R - s A
O T S H PURTRR 2 P T b 26 A ) B 4
4.2.1  EEEE R

b P H P (General) B0 48 32 BRI T KA
AR PR W w2 NS H W AETE P i A L AL ]
BEXS AN 3 N YA 455 X T B B A AL D] ) 2

R IEE ST R g = s Al £ S ER T 2o W
3t P P N ZRAE R 22 UG 35 T 1 6 A ) W, x
N LR REBE AL B A e ) O 2L, W WU 46
£ 12D2% | StrategyQA™! . CommonsenseQA™Y |
CSQA2 | FeasibilityQAM™™ | WSC(Winograd Schema
Challenge)™" | Winogrande™*™ | CODAH"*! | COPA™ |
ComVE™" [CFC"" Com2Sense' ™/,
4.2.2  HFEIR

IR (Eveny) KEF MM L EL KRS 5
Z R OC FR L B AUPP AN B R R UL S SR e )
ALFE B B RO R LA S 538 Z 0 5.8,
= — AN ARSI IR L {H PR A fn B AR . X 2R
PO TR e ) HOW S 5 = O =, v LUHR I
TR B2 4 S 1 3 ORI AT RE R 25 R . W DL RO 4R
# StoryClozeTest?” | ROCStories"'™ | DECO™" |
COM2 Social QAN . SWAG % HellaSwag '™ ,
4.2.3 HRXHR

PR O & (Causal) BUHlE 4R B 76 DFAG A B X5 K2R
B R 0 PR AN AE R RE 7 . X B A 09 H AR 2 B
TR 4 S 2 ) % R SR 2 A L 91 Gn TR R — B 1T
T2 g Dy S, R R B RE ) O e A
17 58 1 DG B L 7675 2B AR UYL 2500 LA SR S
B, XFE S AU b EE, W IR EA
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4.2.4 BUEH R

BUE % 1R (Quantitative) 3= B ¥4 45 A XF 54 (H
KR EEM SN EREEMEHERBARE ., X
FEFA IR T S A ) BE A K A A W vk T AT 8
ARIR) LA K 52 J% 1 AR HE BRAT: 55 Cln A8 1 5
SASERAA MRS T E ) . BUE R R IR
f1%) R 2 T A U AR TR B ME T 5 B L
ZHMHNE ST EAEEEN., ¥ IBIEEA
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4.2.5 HHRIK

HE #i5(dioms & Similes) £ 5 4 P Al A% &
XF B L Ll iy K 2 1 A A AR R S 4 Y B i hE
X R AR SRS RS AL AR P I S8 R IR Y T
SO ERE RS X AR RSty =, fl
AR e — R 07 RN UE R B B Ay R R T —
FhEME A 3E A . FIGURINE!™ J& 4% 28 B F f i 5

18 785 R (Moral) £ 85 52 ¥5 I XF A7 R 1) 48 BE A
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4.2.7 TR E R

A Pk iR (Affordance) B8 4 2 W IR 1 20
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4.2.8 B H R

P R (Visual) B 42 M0 12018 70 7 341 fige F 4
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RO M FEEERE T L7 W AR A
ViComTe™ [ spatial QA™M . CoDa"
4.2.9  SLHRHER
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CREAK"™ i B A (1 BRI R0 4
4.2.10  Fp2EHEH

B2 P (Scientific) % 5 1F Ak 451 A1 75 2 i
FU R 2% B L F R A DL R S 50 O 1k AR O T
FIRE ). 3k 28 B4l 4 R LA ) 254 55 i 8 X i
RPN N o/ R R T PSR AN - A ]
wmL YOS ER T ERNY . W W
£ QASCH* NEWTONM?  OpenBookQAM |
ARCH?  AI2 Science(elem)!** [ AI3 Science(mid-
dle)#) | Physical IQAM™* | SciQ'¥™ | PROST!! |
VIPHY!® |
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