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A Survey of Chinese Large Language Models in Medicine:

Progress, Evaluation and Challenges
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(School of Computer and Artificial Intelligence, Zhengzhou University, Zhengzhou, Henan 450001, China)

Abstract: Large language models have received widespread attention for their remarkable success in various fields.
Applying large language models to the medical domain, such as assisting doctors in diagnosis and generating imaging
reports, holds great promise for both artificial intelligence and clinical medicine. Due to differences between Chinese
and foreign doctors in medical diagnosis, treatment methods, medication habits and drug dosages, it is important to
build large-scale real Chinese medical datasets and develop Chinese large language models in medicine for the Chinese
medical field. This paper overviews current Chinese large language models in medicine in three aspects: medical con-
sultation, medical imaging., and mental health. Additionally, it introduces the evaluation benchmarks currently a-

vailable for Chinese large language models in medicine and discusses the challenges like hallucinations and value a-

lignment. Future researches of Chinese large language models in medicine are also discussed.
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