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From Human Preference to Autonomous Alignment:

A Survey of Large Language Model Alignment
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Abstract: Large Language Model (LLILM) alignment aims to ensure that models align with human long-term interests
in terms of capabilities, behaviors, and values. This survey offers a systematic and comprehensive review of the de-
velopment of LLM alignment techniques, providing a novel framework to organize and classify these approaches. We
categorize the development trajectory of LLM alignment into three primary domains: imitation learning from human
preference, inductive learning from feedback signal, and autonomous alignment through reflection and communica-
tion. Each category is examined regarding its characteristics, advantages, and challenges. Moreover, we also sum-
marize the methods used to evaluate the performance of LLILM alignment techniques and discuss potential future di-
rections to further advance the field.
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