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CPQD: A Chinese Poetry Quotation Dataset for Enhancing the
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Abstract: With the development of pre-training technology. the capability of generative artificial intelligence has
been significantly improved, enabling the autonomous generation of texts that closely mimic natural language.
However, their performance in quoting Chinese classical poetry has not been thoroughly explored, which is crucial
for enhancing the literary expressiveness of the generated content. To address this, we construct a large-scale
Chinese Poetry Quotation Dataset (CPQD), and propose a set of automatic and manual evaluation metrics from
multiple perspectives including poeticness, coherence, and fluency. Subsequently, we analyze three open-sourced
Chinese LLMs, three commercial Chinese LLMs, one open-sourced and one commercial English LLMs, in both
zero-shot and few-shot setting. The results demonstrate that only one of the commercial Chinese language models
outperforms the fine-tuned LSTM model. We fine-tune the open-source models using the proposed poetry quotation
dataset, and the BLEU increases nearly tenfold, significantly surpassing that of the commercial LLMs.
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R, RAEZBE AR ERE LR TR
ACC=100.00% , {HAE Al L F 3C%E 549 BLEU
ER I S LB N E T R O & S R 20 0 S
6.09 I 3.49, X AJHEJE M T AR SCA 5 ot H 1 35)
Z TR S GBS IE S R LA R AR A
PRI o 222 30K 1 2 3 AE R X DA B AT R0 A e 5, A
MR B WA S LT SOF BAE T

AT Retrieval £ 81, LSTM #5875 |- F 3C 3%
B FAT B PEREIR T BLEU 45465 4> 932 & T 8.05
H19.64, XFHEBEET LSTM BRI EE T Seq2Seq Y
A WYy A R A% Oy B A AR B R SO
VCRC Y RE 4], SR BT 1 ) Y TR 8 R I R 4 3R
IR AR AT S5 N 2 e 2 X T2 FR A, =
FUE A DU R B AR A R 1] T X TR L R
i /D Rp ) A 37 s, HC 7 X R T A R A 5 L DT S B0HE
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1 8 BT 545 . CPQD: H T K8 5 81 S0 R B 7 (% v SRR IR 51 £ 42 77
*6 BHTMER
CPQD-MNBVC CPQD-Gaokao
5 JAE AR Ik ACCA ACCHA
BLEU 4 |BERTScore | PPLy |GM 4 BLEU 4 BERTScore 4| PPLy |GM 4
/% /%
— Reference 100.00 100.00 100.00 250.50 | 20.63 | 100.00 100.00 100.00 184.15 |20.92
— Retrieval | 100.00 | 6.09 60.36 155.30 | 9.24 | 100.0 3.49 59.22 114.09 | 8.13
LSTM  |Fine-Tuning| 58.00 | 14.14 62.60 128.66 | 10.14 | 74.38 | 13.13 62.21 66.06 [10.97
Zero-Shot | 73.97 3.84 58.05 360.87 | 7.27 | 75.62 3.28 58.08 237.72 | 7.16
ChatGLM. | Few-Shot | 73.17 4.55 58.81 580.18 | 7.45 | 77.78 4.70 59.05 570.59 | 7.64
6B P-Tuning | 79.57 | 10.53 60.38 336.21 [10.17| 91.56 | 12.60 61.34 184.35 |10.79
Fine-Tuning| 96.03 | 41.75 77.01 262.17 | 15.34| 98.84 | 49.62 79.93 190.01 |16.53
Zero-Shot | 66.17 4.40 58.64 461.12 | 7.26 | 75.23 1.78 59.04 317.70 | 7.79
ChatGLM2- | Few-Shot | 69.67 5.00 58.80 437.65 | 7.62 | 79.63 5.14 59.07 227.99 | 8.17
6B P-Tuning | 79.93 | 11.63 64.29 275.51 [ 10.16 | 90.39 | 13.48 64.17 183.59 [11.07
Fine-Tuning| 97.57 | 41.07 76.71 240.00 | 15.39 | 98.84 | 50.07 80.14 211.75 | 16.50
Zero-Shot | 53.37 2.15 50.99 1431.62| 5.35 | 60.16 1.86 51.22 1330.711 5.34
ChatGLM3. | Few-Shot | 63.60 5.55 59.36 790.26 | 7.49 | 78.40 5.13 59.40 586.80 | 7.82
6B P-Tuning | 81.23 | 12.54 61.47 350.96 [10.17| 89.32 | 13.86 66.27 200.85 | 11.15
Fine-Tuning| 97.17 | 39.88 76.25 257.86 | 15.19| 99.00 | 48.09 79.30 212.43 16.29
Zero-Shot | 65.10 | 11.65 62.70 1259.66 | 9.03 | 73.77 | 13.62 63.86 836.85 | 9.88
GLM3
Few-Shot | 62.03 | 12.97 63.60 1611.31] 9.12 | 72.85 | 15.94 64.92 990.60 | 10.22
Zero-Shot | 71.43 | 13.17 63.98 764.82 | 9.78 | 78.00 | 16.67 65.43 701.05 |10.67
GLM4
Few-Shot | 75.67 | 16.08 65.46 609.22 [ 10.56| 86.85 | 19.52 66.89 340.84 |11.81
Zero-Shot | 77.07 | 23.53 67.77 826.06 | 11.63| 87.54 | 27.60 70.40 260.83 |13.22
ERNIE-4.0
Few-Shot | 75.57 | 25.67 68.12 818.77 | 11.85| 87.46 | 32.45 72.78 348.34 |13.71
Zero-Shot | 61.54 1.64 50.71 965.67 | 5.22 | 68.59 2.06 57.64 1058.37 | 5.85
Llama-2-7B
Few-Shot | 67.82 3.19 52.43 840.31 | 6.41 | 70.32 1.63 58.01 856.41 | 7.27
Zero-Shot | 76.10 5.73 59.53 516.85 | 8.03 | 76.62 5.41 59.72 433.87 | 7.99
GPT4
Few-Shot | 76.70 6.77 60.42 606.75 | 8.36 | 82.31 7.05 60.62 507.14 | 8.67

117 » LG43 HT R » 7ERG D PEiR 5 R LSTM B {5
] A i A W AR AR T Bln, S5 )
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AR, 0L J57. R8I PPL R E , 4 1L
RRIAIAY 1,05 SR T2 % FFiR 1Y) 163.32 . (H N 452 M
HKE A ER A T PP ERAR . X R A ST
T bR an PPL 76 PFAk 0 4 P I 0% S5 B, 18— 25 5
TN TR DA A B ) B T A
BEAN, 8 T PE A R o AR R AR Ak B AT 55 B Y
PERE R B, A SCor AT T AR AL IR 2% 2 F D R

AR 2T L8 . AP IR 9 ChatGLM R 41 &
Llama-2-7B %8 KiE 5 A I, M T8 KB 5
RIFERE BE /1 9 LSTM # A, BLEU #1 BERTScore
FEAm 35 I 2 R R, 6 W 0 T S U Y R S A X 4y i)
SIHAE 5 By iE v A R, SR, RAE E S H B
GPT4 76 Hifth F 4K 18 & AL BT 55 LB T JF R Y
ChatGLM R4, HHAE Rl 5| HAE 4 L tkae S
ChatGLM R M k. ME T GPT4 il ChatGLM
50, [ N R ERNIE-4.0 Fl GLM4 £ #7185 H
45 bt ne w4 T, X R A LR BRI EY , JF
TR PEBE AR 55 . T B2 o S BB R I .
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B2 2 Ik A PE e LML TR AR R = 2 ik
bR TR 22 2] AR SCE EFF IR ) ChatGLM &
GRS 1 HEAT T PR b ORI S 58, D5 TE AR SC T A
AR A . BT U2 H Zero-Shot Al
Few-Shot J7 ¥ . 2 80E %04 P-Tuning £ ChatGLM
FRONVBRY R T A = WA i ) 1 2 58 7 T PR RE R
PEE IR B T 5 [ R e Je i T AR A GLMA AH
TR, AN, £ 3 8 Fine-Tuning J7 ¥ 1) PR GE
WEHE T AR GPT4 ERNIE-4.0 1 GLM4, X £64%
R, B IT IR AL B AE 5 BB RN i 5 2% 2] 6k
1 AR LU R AR A A b — 55 {H 58 A R T
KM%, 41 P-Tuning 1 Fine-Tuning. ‘& 11} 4k RE 1%
FERREAT 55 LR35 2 My B R PEfe . B
B , X B 25 IR B T AR SOk ) FOH 4R X T 4
THEE RS AE Vil 5| AT 55 i PEREE 2] T CBEEH .

6.2 ANTIiE 447
mEFE 7 s, NTIEM g 3RS A sh i) 45 3 3%

A —F XA — & B LR T 3R AR 5
AR, 7 CPQD-MNBVC 1 CPQD-Gaokao 4~
fF % I, ChatGLM2-6b &. Fine-Tuning 7F 4% 3 3
s LR BOR T B o X £ W E ChatGLM2-6b
BERY | 3EAT 4 2 8OO 68 4% 58 43 R I 25 8098
feft A5 78 T 4 b 35 N 3R 5| AT %5 . B4R P-Tuning
TEFE B 38 B F #20T Fine-Tuning, {H 8 {4 {75 0% @b —
% IX R BT 2 B0 RO T DL IO S T 1 RE 4R
Th B2 S 8O AR, A2 R R
1Y Zero-Shot Ml Few-Shot i Fl & F # 78 5 > A9
FIRAES TG b LA R B X 22 R H 2% b
N SCHEE T R AR T R Y I, 31X 3R WY TE i) 5
FHAT 55 o, 240 K 5 485 A A AT T )1 24 3R Bl >
AR R DU % AE 55 . R Nk, Few-Shot
TERZHAE bR ERHET Zero-Shot, iX 3¢ B i {4t A
B — B R ) 4 T DL R HvEfE . M Ah L LSTM
BEAYAE I A $8 br b 3 3R o 25, X AT BB 5 3 1) 5
FAT 55 19 52 F Pk DL B #8 AL A B G /0 55 a0 R
AKX,

F®7 ATHFNER

e CPQD-MNBVC CPQD-Gaokao
F JAE A IR ik — — - - . - - - -
PR | LFSGERM | fitE | BERE | BFE | LR SGERYE | Witk | BEFEE
— Retrieval 3.05 2.49 2.53 3.21 2.16 3.02 2.31
LSTM Fine-Tuning 2.09 1.87 1.74 2.43 1.98 2.15 1.94
GPT4 Few-Shot 3.66 2.13 2.05 3.99 2.62 3.91 2.62
ERNIE-4.0 Few-Shot 3.80 3.28 3.11 4.09 3.39 4.13 3.46
GLM4 Few-Shot 3.84 2.73 2.63 4.06 3.33 4.19 3.36
Zero-Shot 3.36 2.13 2.34 3.52 2.10 3.36 2.32
Few-Shot 3.46 2.65 2.75 3.87 2.56 3.68 2.77
ChatGLLM2-6B
P-Tuning 3.43 2.73 2.84 3.97 2.84 3.80 3.05
Fine-Tuning 4.05 3.71 3.72 4.30 3.87 4.26 3.96

6.3 TFMIEIRE XSS

N T B NTTAF S AR 5 A 8Tl 6 bR 2 18] 1)
AH M, 7 SR T T B 7K 8 Bk AH 2% 2 % (Spearman
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DA B AR S P 0 A JF A5 B AN 181 2 i s 1 3 D 4
PRAHGHER I . SROCC i HUE L 2L —1.1],
KL 1) 2 T K AR R VF I 98 B =2 ) 14 AH 56 1 i
o TR 2 KTV A6 AR AL Sl I 48 AR 2 )
PR SCMBESCHR S 04T 3R .

W 2 PR, S ACC Z iy SRk,

& W AE DI S 7 i, A SCUI 2R A5 B A A 3 I
(53 2 e A R, B 23 28 AR A8 ACC 508 B A7
ATAEPE, FIRHEE S RS (log PPL) ' E S
T L ACC 5 (log PPL) ' 22 [a] (i A & P AR AR 5 . i
RRAE F S AN TV v R RN I A 2
SR OG 1Y 31X 5y IR 1 D 1 T S BUR A AR .
Ah, B F i S5 BLEU Ml BERTScore 2 ]
F1R) R D A v X 6 B I 1R S B PR R L AR S
K FH BRI B A BLEU Al XA UE BERTScore
Febn 5 NFIEHIAR RN — 8, AR S5 E . -
T 3L B R g R A B R R A e . o,


Please contact to Foxit Software for the licensed copy.

Web Site:
www.FoxitSoftware.com

Sales and Information:
Sales@FoxitSoftware.com

Techincal Support:
Support@FoxitSoftware.com


14 B ZE4E . CPQD: TR TH K IE 7 820 302 3R B 7 14 v SCRp i) 5 ) 458l 42 79

&
bk
BT R R R
ACC
BLEU

BERTScore

|
log PPL

GM

0000000

0@0

©:0002000 ¢
(Y K

“000 000 e@®

“0i00:@0@ e
“ o000 000@

,
e
.

K

'YX X] XEEK)

&, =
%(@0.!..§...§
A I X X A X NN

(‘
%,
O,z g
A4
O)
<

2 AFHE AR AT AT

55 7 B A S e R, A E R B 0,89, 8 KT
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PEAG T R 1) 1 R T i, 3 B M R — AN D Oy
MR R . PPAG R BT Y A Sh PE IR AR GM 5
A AEFR B AR S PE R KT 0.4, 3% 26 WL S bR 78 PRI 3
FEPZEA IR T RER L LT S0 59 DL I 1 1 X
AN HLA R R LA R AT

6.4 ANILiENEESH

BTN TFI A 3 08 K 3 5 A2 VP 3 A4 22
S 10 R ] B M LR G b A R DI R 25 L R AR SC
AT TN TR AR BE 53 A . 38 ik s T B R 2 jk
FHIE R EL(SROCCO) X AN [F] 7 25 22 1] /4 AH O 1 2
TR 5%, A B 2R 40 N A & &R 4 (lntraclass
Correlation Coefficient, ICC) #: %: , 3¢ i & AH [7) WF 5%
XF G Z2 O BT 1 — St . gk 8 FR , & iR
PRy SROCC #1 TCC fEL ¥ 52 B H s 9 A Sk A —
vk, B W MK E /N T 0,001, F BT PEI 45
REAB G,

£8 ATHMEESHER

B P — b

ECED — -
SROCC | B#EH: | 1CC el
5= 0.600 | <C0.001| 0.509 <0.001
bR SGE R 0.635 | <C0.001| 0.639 <0.001
i 0.540 | <C0.001| 0.433 <0.001
PR = 0.632 | <C0.001| 0.643 <0.001

6.5 HERKESHHZMN

A SCATAT T RE A R 43 A R e X S g 2 R AR
IR, 9 JB/R T4 ChatGLM2-6B #E A | k47
LSRR R B X RSO R 1 2800 A 2 1
LA . TR 9 W, BB UR) AE 45 AR bR AR
WU T 8B 0 2 3 TR A T 3] 1Y) 9 30 DU R X 5 2%
X — P4 AT R IR T s K R 43 A, BIA 2 3 1A 7R I
SRBCHE AR A R ol R R BB T 4 A ) A
3 FLAR AT 5 170 76 A 57 1] DU) AT B R A A L AR DA
Foor o > HARRIE . PRt 76 R SR B AR5 v L X T 4y
AR A3 A B TR A A N 2= ST B L 2
— MERSCTER T 1],

®9 KESHHEZM

CPQD-MNBVC
H //?/OC: BLEU 4 | BERTScore 4 | PPLy | GM 4
B | 99.31 | 55.95 82.19 345.88 | 16.72
W ULRRIE | 98.17 | 47.65 79.53 246.70 | 16.12
Fis /030 | 93.70 | 21.26 69.24 208.19 | 12.68
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